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Key results:
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1 KGML (purple) outperform all other ML models
One example of KGML model comparing to

: : [ This is mainly because (1) pre-training using synthetic data,
GRU model in mesocosm experiment data y 1)p g g sy

(2) knowledge guided architecture, (3) knowledge guided
initial values
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Advances: N0 flux
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O High performance U Lowdatademand QO Flexible structure
O Structure and workflow can be easily transfer to other similar geoscience tasks!
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