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Kerr-(A)Ds, Myers–Perr black-hole Galilean ον gravitational transformations for the anti-COVID-19 RoccuffirnaTM evolutionary drug design.

1. Department of the BiogenetoligandorolQMMIDDD/QPRPICA/MACHNOT/ QIICDNNDCA ADMET/QIICDNNDCA Stations, Biogenea Pharmaceuticals Ltd - Greece.

Grigoriadis Ioannis.* jgrigoriadis@biogenea.gr

Keywords: Galilean transformations, COVID19, Neural Networks, Quantum Kerr-(A)Ds, Myers–Perr, black microBlackHole-Inspire,d Gravitationals, Euclidean and Lorentzian signatures, Quantum-Inspired Evolutionary Algorithm, QSAR, artificial intelligence, data mining, machine learning, drug designing, chemoinformatics
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It is thought that all of the rich content in the present-day Universe based on an array of recent observations developed through gravitational amplification of primeval density fluctuations generated in the very early phase of cosmic evolution. In this paper, we strongly combine machine learning characteristics to achieve very high accuracy levels for the in-silico generation of the RoccuffirnaTM small molecule, a ligand targeted the SARS-COV-2 virus main protease (M pro ) using Quantum Kerr-(A)dS and Myers–Perry black microBlackHole-Inspired Gravitational for both Euclidean and Lorentzian signatures in Practice. We provide also an extensive toolbox of methods for performing quantum schrodinger inspired docking algorithms, teleportation and other information-theoretic tasks in MathCast programming language, and compared these algorithms by means of mean  percentile free energy ranking, in a new recall-based evaluation metric for the in-silico design of  the Novel Series of the RoccuffirnTMQMMMCoRoNNARRFr anti-(nCoV-19) ligands. In this paper we in-silico designed new drug leads that target the COVID-19 virus main protease (M pro ). M pro, a key CoV enzyme, which plays a pivotal role in mediating viral replication and transcription, and discuss various general results including Galilean transformation to a rigid QMMM heuristic horizon topology, and near-horizon fragmentation symmetry ranging from supergravity theories to enhance the Roccuffirna’s gravity to trap the SARS-COV-2 viruses in practice. 
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Introduction
The emergence of a novel coronavirus infection causing new Severe acute respiratory syndrome coronavirus 2 (SARS-CoV-2), coronavirus (nCoV-19) has brought tremendous impact on worldwide health, (1,2,3,4,5) whilst the chemogenomic interactions between the virus and the human is widely recognized to be critical foundation in responding the current outbreak the of the COVID2019 disease.(6,7,8,9,10,11,12) The virus has been named severe acute respiratory syndrome–coronavirus 2 (SARS-CoV-2) (3) because the RNA genome is about 82% identical to that of the SARS coronavirus (SARS-CoV); both viruses belong to clade b of the genus Betacoronavirus (1, 2) caused an outbreak of severe pulmonary disease in China, in the city of Wuhan, the capital of Hubei province and was initially detected in Himalayan palm civets (Guan et al., 2003) that may have served as an amplification host. The civet virus contained a 29-nucleotide sequence not found in most human isolates that were related to the global epidemic and thus, can be is considered as druggable targets. (1-4,13,14,15,16) It has been speculated that the function of the affected open reading frame (ORF 10) might have played an important role in the trans-species jump infections. (17,18,19,20,21) A similar virus was found later in horseshoe bat (13-20,21,22,23,24,25). Structural and biochemical characterizations have indicated to us that a 29-bp insertion in ORF 8 of bat-SARS-CoV genome, not found in most human SARS-CoV genomes, was suggestive of a common ancestor with civet SARS-CoV (11-17,18-23,24,25,26,27). Numerical investigations and Equilibrium black-hole solutions to Einstein’s equations have been known since the advent of general relativity. (29,30) By studying geometrical and mathematical principles of the quantum fields in a black-hole background, on the geometric framework Hawking demonstrated that this is not a mere analogy and in fact quantum mechanically black holes in which astrophysical processes occur, are a thermodynamic system. (29,30,31,32) Tools for artificial intelligence and data mining can derive in an objective and reproducible manner (Quantitative) Structure-Activity Relationships ((Q)SARs) for toxicity.(30,31,32,33) In this article, we discuss the various ways and singularities of the many models whereas extremal black hole near-horizon geometries allowed by the theory of general relativity in modern studies of quantum gravity applied of the Einstein equations in an alternative topological quantum computing optimization framework since we address the composition, organization and dynamics of the Universe in a nano-scale, for the computation of topological links and tangles and invariants of knots, through a stochastic discrete optimization procedure to rule out possible black-hole horizon topologies, in diverse dimensions and theories. (32,33,34,35,36,37) We also investigated numerical methods very specific problems with idealized 2D chemical symmetries to simplifying free energy assumptions with either idealized symmetries regarding the entropy-driven docking behavior, the new designed ligand’s pharmacometric behavior, and the protein-ligand interactions among the protein-ligand complexes (38). (34,35,36,37,38,39,40) Our technique is motivated by a Bayesian approach or lead optimization to quantum mechanics, and relies on the noiseless subsystem method of quantum information science which sometimes rendered biased fingerprint/fragment whereas Einstein’s chaotic as well Mixmaster behaviors can be studied in the context of Hamiltonian dynamics, with the Hamiltonian 2ℋ=−p2Ω+p2++p2−+e4Ω(V−1), to protect quantum states against undesired noise in terms of quantitative structure-activity relationship (QSAR). (38,39,40,41,42,43) The relational theory naturally predicts a fundamental decoherence mechanism, by combining statistical significance and putative visualizations so an arrow of time emerges from a time-symmetric theory on virtual compound libraries. (31-42,43) Moreover, our model circumvents the problem of the “collapse of the wave packet” as the probability interpretation is only ever applied to diagonal density operators. (30,31-37) Here we investigated the conditions under which, in quantum theory, an account in terms of absolute quantities can provide a good approximation of relative quantities and topological descriptors for finding eigenvectors and eigenvalues of the combinatorial Lamerckian-Laplacian paired with advanced machine learning algorithms, such as the data mining, AI-Quantum computing, entanglement complexity guidelines for (Q)SAR requirements as well as performance implications, such as deep neural network (DNN), random forest (RF), and gradient boosting decision tree (GBDT), to facilitate their applications to quantitative toxicity and fragment based drug design predictions. (34,35,36-37) In this hybrid drug designing approach, we applied black-hole solution to Einstein’s equations for performing quantum communication, neural matrix factorizations, cryptography, Schrodinger inspired docking algorithms, and other information-theoretic tasks to merge the pharmacophoric elements from different chemical and phytical databases  into the RoccuffirnaTM innovative structure to form a rigid chemical scaffold with anti-COVID19 properties (1,4-22,23-43,44).

MATERIALS AND METHODS

Public Datasets, SARS-COV-2 motif peptide consensus strategy.
The National Center for Biotechnology Information (NCBI) database was used to retrieve the S glycoprotein proteins of SARS-CoV-2. For the N protein, we clustered 31 conformations (10,13-24,27) from the 1731 full-length SARS-CoV-2 sequences and stored as a FASTA format file for analysis with Glu174 present in an opened conformation out of a total of 40 states present in the NMR-derived structure (PDB codes, 6xs6,1xak,2g9t,
3fqq,2ghv,6yb7) (1-11,14,15-29,34) to select a small subset representative of the protein flexibility downloaded from NCBI (30 April 2020, txid2697049, minimum length = 29,000 bp) and aligned using MAFFT. (2-9,15,19) The BioEdit v7.2.3 sequence alignment editor was deployed to identify the conserved binding sites and short linear peptide region among the aligned sequences through multiple-sequence alignment (MSA) with ClustalW. The alignment was visually inspected and curated using Genbank NC_045512.2 as a coordinate reference suggestive of RSFIEDLLFNKV, e.g. KNFIDLLLAGF in genomes such as the ball python genome, and further proceeded with this protein motif cluster as identified between the Wuhan isolate beyond the limit of serious detection and spike protein nidovirus 1 of the reptile shingle back for model construction by using NC_045512.2 annotated Open Reading Frames (ORFs) plus additional ORFs. 

Screening library and COVID2019 targets.
Virtual screening of the final proposed model and High throughput molecular docking based on existing literature were implemented to a collection of 9591 drugs including 2037 chemical structures of FDA-approved small molecule drugs and (2,3-14) over 6000 herbals and phytical extracts from the NuBBEDB updated database to get an insight into the potential inhibitors and to uncover chemical and biological druggable information from Brazilian biodiversity (5,6-10,14). Drugs selected for the docking studies having a number of non-hydrogen atoms below 5 or above 100, drugs having MW > 1200, and drugs that incorporate elements not associated with organic molecules (e.g., Hg, Pt, Fe, etc.) were not considered. Note that this number for the screening is higher than the original due to the enumeration of drugs into enantiomer, tautomer, and protomer alternatives. (7,8,11-14) Parallel Virtual screening technique for molecular docking were used at the center was X: 228.75, Y: 190.82, and Z: 304.15. on its .pdbqt converted libraries of small molecules. The dimensions (Angstrom) used for the inverse docking analysis were X: 26.31, Y: 26.32, and Z: 20.18 for the motif binding target sites using standard Web technologies such as CSS, HTML and JavaScript (AJAX) including graphics, text-based, and spectral files. (9,13-14) Protein-molecule complexes, while the server itself is implemented using Java/Servlets with Hibernate, an object-relational mapping database framework followed by structural relaxation were generated through flexible-ligand: rigid-receptor molecular docking in this local energy minimization to optimize protein-molecule interactions capping the N- and C-terminal of each fragment with i-GEMDOCK and DOCK-6 through cycles in amino-acids within 4 Å of any docked molecule as considered free of local energy minimization. (14,15-21) When more than one form of the screened drug for the cross-validation (e.g., more than one enantiomer, more than one protomer, etc.) was screened, as a suitable druggable candidate for recoring fragmentation only the form having the highest GP and Docking Energy values was considered in the ranking. (14,16,29) Finally, drugs and selected NuBBEDB phytical extracts were ranked according to descending GP docking values and only the screened hit candidates generating the highest Binding Energy values were considered for fragmenting and re-merging into the Roccuffirna small molecule using the BiogenetoligandorolTM cluster of algorithms from the below.
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Pharmacophoric-ODEs fragmentating, merging and recoring of the selected Hit compounds : Biogenetoligandorol AI-microBlackHole heuristic algorithm. 
Based on the virtual screening screening results and on the patterns of this Biogenetoligandorol sorted pharmacophore fragmentation and recoring scheme new chemical leads were designed by applying the “extended” Galilean transformation based on a set of heuristically determined descriptors into the workings of this Galilean transformation to a rigid QMMM system having an arbitrary Schrodinger time-dependent acceleration. To avoid incomplete group similarity assignments, the pharmacophoric elements as already extracted and fragmented, were adjacent to the the subsequent matches of the groups already found from the selected hit candidates of the Colchicine, Ritonavir, Favipinavir, Balanitin, Baueronol, Chlorogenin, Behenic acid, Aristolochic acid, Asparagusate, Aspartic acid structures. (26,31-39) As a first step, the Biogenetoligandoroltm algorithm performed a quick search for the different pharmacophoric groups in the fragmentation scheme of the near-horizon data over H, applying the Einstein-Maxwell theories for the integral ∫ΣR SMILESDCW (T, N) = a CW (ATOMPAIR) + b CW (NOSP)+ c CW (BOND)+ d CW (HALO)+ α ΣCW (Sk) + β ΣCW (SSk) + γ ΣCW (SSSk) (m) which can also be written as an integral over H in the Stokes’ theorem to a Matrix spacelike hypersurface Σ with boundary S∞ ∪ H heuristic group prioritization and the parent–child group prioritization of the same form ∫Σ R(m), where R(m)μ = R DCW (T, N) = α ΣCW (Ak) + β ΣCW (0ECk) +gΣCW (1ECk) +δ ΣCW (2ECk)+ ε ΣCW (3ECk) μνmν as described generalizes the molecular docking descriptor Neural Matrix Factorization elements. (29,32-39) This search went sequentially through the eigenvalues of the combinatorial Lamerckian-Laplacian paired with the sorted fragmentation and remerging scheme of the best protein-ligand complex as an input when solving the coupled Einstein-Maxwell theory with the Chern-Simons (CS) term, adding hydrophobic and metal complexes groups as values that are found and do not overlap with hydrogen bond groups that were already found in theinverse docking process. In case it successfully finds a valid methoxy}(hydroxy) (pyrrolidin‐1‐yl) phosphaniumyl)oxy} butyl)‐6'‐oxo‐1',4',5',6'‐tetrahydro‐2lambda 6‐spiro (oxaziridine‐2,9'‐purin)‐2‐ylium fragmentation, this is taken as the solution merely relating to how one would describe the same state in a different coordinate system. (33,35-42) This spacelike hypersurface algebraic algorithm of an asymptotically-flat, stationary, black-hole solution to Einstein’s equations, was implemented as a recursive algorithm that performs a complete tree search of all possible combinations satisfying the dominant energy homeomorphic condition to S2 allowing the quantum communication between the fragmenting, merging and pharmacophoric recoring processes of the sreened top hit candidates (Table1d) into the Roccuffirna small molecule. This way, patterns with larger factorization groups which are prioritized over smaller chemical compounds (3S,4'R,5'S)‐2'‐amino‐3‐
((2R)‐2‐{((R)‐{((2R,4R)‐2‐((1‐fluoroethenyl)(hydroxymethyl)amino)‐5‐oxa‐1lambda3‐thia‐3‐azabicyclo(2.1.0)pentan‐3‐yl)methoxy}(hydroxy)(pyrrolidin‐1‐
yl)phosphaniumyl)oxy}butyl)‐6'‐oxo‐1',4',5',6'‐tetrahydro‐2lambda6‐spiro(oxaziridine‐2,9'‐purin)‐2‐yliumand pharmacophoric patterns with potential antiviral properties.

Results
In this computational drug design project we provided an extensive combination of toolboxes by applying black-hole solution to Einstein’s equations for performing quantum communication, neural matrix factorizations, cryptography, Schrodinger inspired docking algorithms, and other information-theoretic tasks in MathCast programming language, and compared these algorithms by means of mean percentile free energy ranking, in a new recall-based evaluation metric for the in-silico design of a Novel Series of Roccuffirna TMQMMMCoRoNNARRFr anti-(nCoV-19) annotated ligands. We finally, combined various general results including heuristic horizon topology, and near-horizon fragmentation symmetry ranging from applied supergravity theories to a system of intrinsically positioned cables filtered before evaluation and triangular bars kinematically stable (35,36,37,38,39) from the purely geometrical dynamics of the initial singularity and structurally valid symmetric formations to be connected into small molecule components, holes, (40,41,42,43,44) and voids jointed at their ends by hinged connections which focuses on the Roccuffirna’s chemical structure with enhance micro-gravity to trap the SARS-COV-2 viruses in practice. The RoccuffirnaTM (Figure1a,Table1a) drug design generated a multi-targeted inhibitory docking effect and generated negative docking energies into the binding sites of the protein targets of the (pdb:6yb7) with the docking energy values of the (T.Energy, I.Energy, vdW, Coul, NumRotors, RMSD, Score), (-116.717, -36.220, -13.116, -23.104, 12, 7,077, -7.447) Kcal/Mol. (Figures1a,1b,1c,1d,4b) Τhe Remdesivir small molecule generated an agonistic binding effect and generated positive docking energies inside the binding sites of the protein targets of the (pdb:1xak) with the docking energy values of the (T.Energy, I.Energy, vdW, Coul, NumRotors, RMSD, Score), (+23.905, -26.781, +1.900, -28.681, 14, 4.230, -5.987) Kcal/mol. (Figure4a) On the other hand, the RoccuffirnaTM quantum  thinking novel scaffold generated an inhibitory binding fitness effect and interacted with negative docking energies onto the binding sites of the protein targets of the (pdb:6xs6) with the docking energy values of the (T.Energy, I.Energy, vdW, Coul, NumRotors, RMSD, Score), (-84.576, -0.705, -7,064, -0.705, 12, 8.613, 16.203) Kcal/mol. The Roccuffirna small molecule bonding interactions in the active site residue (Figure1a,1b,1c,1d,1e,1f,1g,1f), (Table1a), (2S,3S,4'R,5'S) ‐2'‐amino‐3‐ ((2R)‐2‐(({((2R,3R,4R)‐2‐((1‐fluoroetheny)(hydroxymethyl)amino)‐5‐oxa‐1lambda3‐thia‐3‐azabicyclo(2.1.0)pentan‐3‐ium‐3‐yl)methoxy}(hydroxy)(pyrrolidin‐1‐yl)‐lambda5‐phosphanyl)oxy)butyl)‐6'‐oxo‐1',4',5',6'‐tetrahydro‐2lambda5‐spiro(oxaziridine‐2,9'‐purin)‐2‐ylium. (Figures2a,2b,2c,
2d,2e,2f,3a,3b,3c),(R)‐{((2R)‐1‐((3S,4'R,5'S)‐2'‐amino‐6'‐oxo‐1',4',5',6'‐tetrahydro‐2lambda5‐spiro(oxaziridin2,9'‐purin)‐3‐yl)butan‐2‐yl)oxy}({((2R,4R)‐2‐((1‐fluoroethenyl)(hydroxymethyl)amino)‐5‐oxa‐1lambda3‐thia‐3‐azabicyclo(2.1.0)pentan‐3‐yl)methoxy})hydroxy(pyrrolidin‐1‐yl)phosphaniumwas engaged in Hydrophobic Interactions bonding interactions with the (pdb:6lu7) protein targets within the 02J:C:1 (02J) Interacting chain(s) of the amino acid of the  A, 168PRO, A1, 02JC, with the docking energy values of the 3.53, 2369, 1303, -10.425, 3.420, 72.447, -13.394, 3.190, 70.551 ,Kcal/Mol. In addition the Roccuffirna small molecule interacted with Hydrophobic Interactions within the binding pockets of the PJE:C:5 (PJE-010 + 010:C:6 Interacting chain(s) of the amino acid of the A, 25THR, A6, 010C, with the docking energy values of the 3.73, 2415, 179, -7.156, 21.406, 66.898, -8.709, 22.779, 70.002, and with the amino amino acid of the, 26, THR, A6, 010C, with the docking energy values of the 3.81, 2415, 186, -7.156, 21.406, 66.898, -6.155, 24.392, 64.757 Kcal/Mol. It also involved in the generation of Hydrogen Bonds with the peptide backbone of of the amino acid of the 143GLY, A6, 010C O3, with the docking energies of the  93, 2.80, 145.29, 1105,  2411, -8.911, 17.849, 65.703, -8.918, 17.918, 62.905 Kcal/mol  and inside the binding pocket of the amino acid of the 164, HIS, A5, PJE, C2 16, N3, 1266, O2, with the docking energy values of the 3.07, 153.73 2408, -12.282, 14.994, 67.123, -15.161, 15.336, 68.144 Kcal/mol. (Figure3e) Our Roccuffirna prototype generated ION ZN (zinc ion) ZN-A-901metal complexes  inside the Interacting chains of the A binding site(s) in the 3FQQ (non-structural protein. (Figure3f) and ZN-B-902 metal complex interactions (Figure3h) when docked within the BD-A-2 Interacting chains: A binding site(s) inside the Interacting chains B binding site(s) of the 3FQQ protein targets (non-structural protein 5a)  (non-structural protein 5a). (Figure3i) The Roccuffirna chemical structure also interacted with the GOL (Glycerol) GOL-A-1 Interacting chains of the A, B binding site(s) in 3FQQ (non-structural protein 5a). The Roccuffirna’s chemical entities of the C8‐ (({((2R,3R,4R) ‐2‐((1‐fluoroethenyl)(hydroxymethyl) amino)‐spiro (oxaziridine‐2,9'‐purin)‐3‐yl) butan‐2‐yl)oxy}
({((2R,4R)‐2‐((1‐fluoroethenyl) was involved in hydrogen bonding THR 25. More specifically, the Remdesivir small molecule generated docking energies of the  0,0,0,2.41148,-5.69599,0,-8.7971,-0.00202603,0,0,-4.53782, 29.6984,-3.38875,-5.17451,-6.22961,-3.3889,-9.25813,-0.35774,-3.91578,15.1513,-2.5505,0,-0.321802 Kcal/mol when docked within the binding pockets of the amino acids of the of the H-S-ARG-555 H-S-ASP-623 H-M-F86-101 V-S-ASP-452 V-S-LYS-551V-M-ARG-553 V-S-ARG-553 V-M-ALA-554 V-M-ARG-555 V-S-ARG-555 V-M-ASP-618 V-S-ASP-618 V-M-TYR-619 V-M-PRO-620 V-S-PRO-620 V-M-LYS-621 V-S-LYS-621 V-M-ASP-623 V-S-ASP-623 V-S-ARG-624 V-S- MG-1004 V-M-F86-101 V-M-F86-101 of the SARS-COV-2 protein targets of the (pdb:7bv2). (Tables1a,1b,1c,1d,1e,2a) On the other hand the Roccuffirna QMMM drug design interacted onto the binding domains of the cav7bv2_POP protein targets of the (pdb:7bv2) with the highest docking energy of the -84.3 Kcal/mol while interacting with the docking energies of the (-4.32839,-7.23314,-16.1584,-2.31648,0,0,-3.36038,-0.703894,-2.01058,-17.7135,0,0,-0.014892,0,0,-0.074521, 0,-4.10748,-0.807205,-8.45592,-1.50648,-7.08011,-3.05006) Kcal/mol when docked onto the binding domains of the amino acids of the H-S-ARG-555 H-S-ASP-623 H-M-F86-101 V-S-ASP-452 V-S-LYS-551V-M-ARG-553 V-S-ARG-553 V-M-ALA-554 V-M-ARG-555 V-S-ARG-555 V-M-ASP-618 V-S-ASP-618 V-M-TYR-619 V-M-PRO-620 V-S-PRO-620 V-M-LYS-621 V-S-LYS-621 V-M-ASP-623 V-S-ASP-623 V-S-ARG-624 V-S- MG-1004 V-M-F86-101 V-M-F86-101 of the protein targets of the (pdb:7bv2). (Figures1b,1c,1d,1e,1f,1g,1h,1i, 2a,2b,2c,2d,2e,
2f,3a,3b,3c,3d,4a,4b,4c). (Figure4d) Our in-house Roccuffirna chemical structure when docked onto the SARS-COV-2 protein binding sites of the (pdb:1xak) protein targets binds within the electrostatic surface of the active site pocket of the (pdb:1xak) protein targets within the amino acid sequences of the V-S-HIS-4, V-S-LEU-16, V-M-LYS-17, V-S-LYS-17, V-M-PRO-19, with the total docking energy of the -64.8 and -12.0222, -4.479, -8.17046, -6.49062, -4.42519 respectively. (Figure4e)The contact residues of the Roccuffirna prototype chemical structure when docked onto the SARS-COV-2 protein binding sites of the (pdb:6lu7) protein targets targets the electrostatic surface of the active site pocket of the (pdb:6lu7) protein targets bound to the Roccuffirna small molecule inside the binding cavities of the amino acid sequences of the V-M-LEU-167, V-M-PRO-168, V-M-THR-190, V-M-ALA-191, V-M-ALA-2 with the docking energy values of the -50.1,and -5.74191, -5.1612, -5.55901, -5.4395, -6.88909 respectively. (Figure4f) The docking modes of the pharmaco-residues of our prototype Roccuffirna chemical structure when docked onto the SARS-COV-2 protein binding sites of the catalytic electrostatic surface of the active pocket of the (pdb:5r80) protein targets inside the binding cavities of the amino acid sequences of the V-M-ASN-142, V-S-ASN-142, V-M-MET-165, V-S-MET-165, V-M-GLU-166, V-S-GLU-166, V-M-LEU-167, V-M-PRO-168, V-S-PRO-168, V-M-ARG-188, V-M-GLN-189, V-S-GLN-189 with the docking energy values of the -96.2, and -6.29322, -5.82129, -7.21251, -4.2141, -5.18029, -12.1235, -4.71777, -6.9452, -4.94292, -5.31481, -5.14926, -11.2353 docking values respectively. (Figure4g) The binding interaction of the entire pharmacophoric residues of the Roccuffirna chemical design docked onto the SARS-COV-2 protein binding sites of the the electrostatic surface view of active site pocket of the (pdb:6yb7) protein targets when bound to the Roccuffirna structure inside the binding cavities of the amino acid sequences of the V-S-LYS-5, V-S-TYR-126, V-S-ARG-131, V-S-LYS-137, V-S-GLU-288, V-S-GLU-290 with the docking energy values of the -71.2 and -6.04578, -10.1246, -4.45654, -5.54142, -8.60669, -11.7695 docking energy values respectively. (Figure4h) The docking poses of the contact merged chemical residues of the entire Roccuffirna chemical structure when docked onto the SARS-COV-2 protein binding sites of the (pdb:3fqq) protein targets occupied the binding site of the electrostatic surface view of the active site pocket of the (pdb:3fqq) protein targets as bound to the Roccuffirna small molecule inside the binding cavities of the amino acid sequences of the V-M-ARG-112, V-S-ARG-112, V-S-HIS-159, V-M-TYR-161, V-M-ARG-112, V-S-HIS-159 with the docking energy values of the -87.2 and -5.9744, -11.9828, -13.3388, -4.9979, -5.08108, -13.4218 docking energy values respectively. (Figure4i) Contact residues of the Roccuffirna chemical structure when docked onto the SARS-COV-2 protein binding sites of the (pdb:3fqq) protein targets into the electrostatic surface view of active site pocket of the (pdb:3fqq) protein targets inside the binding cavities of the amino acid sequences of the V-S-PRO-413, V-S-ASP-415, V-M-PRO-450, V-S-PRO-450, V-S-PHE-451, V-S-GLU-502 with the docking energy values of the -76 and -5.94924, -8.74444, -6.95118, -6.43726, -9.70804 -6.23612 respectively. (Figure4j) Moreover the pharmacophoric contact residues of the Roccuffirna chemical structure when docked onto the SARS-COV-2 protein binding sites of the (pdb:6xs6) protein targets occupied the entire binding site of the electrostatic surface view of the active site pocket of the (pdb:6xs6) domains inside the binding cavities of the amino acid sequences of the V-M-PHE-592, V-S-PHE-592, V-M-GLY-614, V-M-VAL-615, V-M-ASN-616, V-S-ASN-616, V-S-GLN-644, V-M-ARG-646 with the docking energy values of the -81.5 and -5.45629, -4.42842, -11.2087, -9.94286, -6.5582, -7.35307, -5.32091, -5.63271 docking energy values respectively. (Figure4k) Gemdock docking analysis has indicated to us that the contact residues of the Roccuffirna chemical structure hit the SARS-COV-2 protein binding sites of the (pdb:2g9t) protein targets. Additionally, the electrostatic surface view of active site pocket of the (pdb:2g9t) protein targets bound to the Roccuffirna small molecule inside the binding cavities of the amino acid sequences of the V-S-VAL-116, V-M-THR-118, V-S-THR-118, V-M-PRO-84, V-S-PRO-84, V-M-ASN-85, V-M-ASN-114, V-M-THR-115, V-S-THR-115, V-M-VAL-116 -86.6 and -4.78161, -5.02437, -5.37485, -6.01569, -4.08585, -9.1855, -4.79454, -5.5449, -4.52233, -4.53177 docking energy values respectively. Finally, these docking energy comparative analysis has indicated to us that our innovative Roccuffirna small molecule generated a co-inhibitory binding energy effect when combined with the drugs of the baricitinib, valsartan, gemigliptin, raltegravir, doxycucline, colchicines, azathioprine, hydroxychloroquine, umifenovir, linoleic acid, ribavirin, eflornithine, cobicistat and the remdesivir when docked onto the same SARS-COV-2 protein targets. (Table1b)	
		
Discussions
In this project, considering a space-time containing a degenerate horizon with a compact cross section H and assume the dominant energy condition holds, If Λ ≥ 0 then H ≅ S2, or the induced metric on the horizon is Ricci flat. If Λ < 0 and σ(H) < 0 except for the special case where the near-horizon geometry is flat (so Λ = 0) and H ≅ T2. If Λ < 0 and χ(H) < 0 the area of H satisfies AH ≥ 2πΛ−1χ(H) with equality if and only if the near-horizon geometry is AdS2 × Σg, where Σg is a compact quotient of hyperbolic space of genus D(p,q)=(p1−q1)2+(p2−q2)2+⋯+(pn−qn)2 Average Accuracy=∑i=1lTPi+TNiTPi+FNi+FPi+TNi/l kappa=P(A)−P(E)1−P(E) kappa=P(A)−P(E)1−P(E)=0.9−0.44041−0.4404≈0.82 D(p,q)=(p1−q1)2+(p2−q2)2+⋯+(pn−qn)2 Average Accuracy=∑i=1lTPi+TNiTPi+FNi+FPi+TNi/l kappa=P(A)−
P(E)1−P(E)kappa=P(A)−P(E)1−P(E)=0.9−0.44041−0.4404≈0.82Ri=(MACi,1RSSi,1¯MACi,2RSSi,2¯⋯MACi,mRSSi,m¯)dsig(li,lj)=‖Ri,Rj‖p=(∑k=1m(RSSi,k−RSSj,k)p)1/p dsig−
avg(li,lj)=∑k=1m(RSSi,k−RSSj,k)2/mdpos(li,lj)=(xi−xj)2+(yi−yj)2r(i,j)=s(i,j)−maxj′≠j{a(i,)+s(i,j′)}a(i,j)=min{0,r(j,j)+∑i′≠i,jmax{0,r(i′,j)}}a(j,j)=∑i′≠jmax{0,r(i′,j)}{x∧=∑i=1m(xi×1di)/∑i=1m1diy∧=∑i=1m(yi×1di)/∑i=1m1dig,cosθsinθ|xj〉=cosθ1j⋯cosθij⋯cosθmjsinθ1j⋯sinθij⋯sinθmj|Aj〉=|x1j〉⊗|x2j〉⋯⊗|xmj〉=cosθ1jsinθ1j⊗cosθ2jsinθ2j⋯⊗cosθmjsinθmj=cosθ1j×cosθ2j×⋯×cosθmjcosθ1j×cosθ2j×⋯×sinθmj⋯sinθ1j×sinθ2j×⋯×sinθmj=Aj1Aj2⋯Aj2mxjh=Ajh+12bj−aj2mh,θijk(t+1)=c1r1θPijk(t)+c2r2θGij(t)(c1r1+c2r2)±w⋅ln(1/uijk(t))1L∑k=1LθPijk(t)−θijk(t),dq1x1dtq1=a⋅(x2−x1)dq2x2dtq2=(c−a)⋅x1−x1⋅x3+c⋅x2dq3x3dtq3=x1⋅QFI≈∑i=01k4Re(ρi12)2(k2+(γBrf)2)2(1Pi11+1Pi22)+(Pi11−Pi22)2Pi11+Pi22,Pijj=ρijj+(−1)jχiρijjχi=(γBrf)22(k2+(γBrf)2)(ρi11−ρi22)−γBrfk(k2+(γBrf)2)Im(ρi12)Im(ρi12)ρi12ρs(0)ρ¯sΔQFI/QFI≡QFI(Brf=0)−QFI(Brf=150nT)QFI(Brf=0) Oˆ Oˆ Δ2θ=Δ2Oˆ|d〈Oˆ〉/dθ|2 Δ2Oˆ 〈Oˆ〉 Oˆ ρ¯s Oˆ=Sˆ2=(Sˆ1+Sˆ2) to enhance the Roccuffirna’s gravitonial geometrics to trap the SARS-COV-2 viruses in practice. Here, for the first time, we generated physical and topological descriptors for finding eigenvectors and eigenvalues involved constructing (numerically) the most general five dimensional static near-horizon geometry with SO(3) rotational symmetry to construct solutions to the five-dimensional Einstein equations as applied to the Biogenetoligandorol AI-Quantum computing, entanglement complexity guidelines for (Q)SAR requirements as well as performance implications, random forest (RF), deep neural network (DNN), and gradient boosting decision tree (GBDT), to facilitate their applications to quantum chemistry and ligand based drug design methodologies. In this hybrid drug designing approach, we have merged pharmacophoric elements into the RoccuffirnaTM merged nano-structures as a system of intrinsically positioned cables filtered before evaluation and triangular bars kinematically stable to the present; (35,36,37,38,39) utilizing purely geometrical dynamics of the initial singularity and structurally valid symmetric formations of connected small molecule components, holes, (40,41,42) and voids jointed at their ends by hinged connections to form a rigid chemical scaffold with anti-COVID19 properties (1,4-22,23-43). As a result the Roccuffirna drug design interacted at the same SARS-COV-2 protein targets of the (pdb:7bv2) with the highest negative docking values when compared to other antiviral blockbuster FDAs and more specifically with some of 14,789 times higher to Remdesivir small molecule. (Table1b)

Conclusions
In summary, the main goal of this paper was to emphasize to the Roccuffirna IUPAC named = (3S,4'R,5'S)‐2'‐amino‐3‐((2R)‐2‐{((R)‐{((2R,4R)‐2‐((1‐fluoroethenyl)(hydroxymethyl)amino)‐5‐oxa‐1lambda3‐thia‐3‐azabicyclo(2.1.0)pentan‐3‐yl)methoxy}(hydroxy)(pyrrolidin‐1‐
yl)phosphaniumyl)oxy}butyl)‐6'‐oxo‐1',4',5',6'‐tetrahydro‐2lambda6‐spiro(oxaziridine‐2,9'‐purin)‐2‐ylium derivatives with additional SARS-COV-2 trapping poly-pharmacophoric apparatus as promising starting points for COVID19 drug discovery. (25,27,28,29-33,35-43) By defining AI-Quantum computing, entanglement complexity guidelines for (Q)SAR requirements as well as performance implications, random forest (RF), deep neural network (DNN), and gradient boosting decision tree (GBDT), to facilitate quantum canonical driven sin^(-1)(( integral Y1 dY1) X sqrt(242424) - y) sin^(-1)( del del (e x) Θ sqrt(θ)) Galilean transformations in terms of a topological transformation group consisting of ordered expressions in the quantum variables q and p, consistent with the canonical commutation relations, it was possible to work outside of a specific Hilbert space and design the Roccuffirna small molecule as a source of inspiration to design and develop novel and more effective anti-SARS-COV-2 drug candidates in taking advantage of current computing technologies, to the point that it is now possible to perform reliable comparisons of numerical models with observed docking data. (31,32,37-43) As a by-product of the fact that the quantum canonical transformations are defined outside of the Hilbert space, we were able of the QMMM construction of the Roccuffirna small molecule by applying the general solution of the wave equation, including the non-normalizable solutions as molecular modification strategies by introducing numerical cosmological calculations to investigate different quantum chemistry phenomena. 
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